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Learnings from Generative Al applications in Fintech
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Enterprises are doubling down on Agents
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Annual GenAl value in
Banking’
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Mckinsey & Company: Economic Potential of Generative Al
2Gartner, “Top strategic Technology Trends for 2025,” October 2024
3Gartner, “Top Strategic Technology Trends: Agentic Al—the Evolution of Experience”

15%

of day-to-day work
decisions will be made
autonomously through

agentic Al by 20283

33%

of enterprise software apps
will include agentic Al by
2028, up from less than 1%
In 20242

February 2025
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https://www.mckinsey.com/capabilities/tech-and-ai/our-insights/the-economic-potential-of-generative-ai-the-next-productivity-frontier

Generative Al Making Waves

EMPLOYEE-FACING CUSTOMER-FACING

Al assistants are pervasive and
support front to back office
employees. Fls can readily build
products that are customized at

Al agents are no longer in the realm
of sci-fi — customers program them
to bank/trade on their behalf within
guardrails. Customers meet with

e Pragmatic Focus
the customer level. bankers’ Al agents in virtual worlds. Wave 1 2024 - 2027 o High Productivity gains
Pooe Low-risk
As GenAl frontiers are pushed out :

and risks are mitigated, higher-
impact use cases change business
and operating models, with
employees focusing on adding value
and resolving exceptions.

Early Innovators

..............................................................................................................

Confidence grows in customer-
facing use cases, leading to

. High Impact Applications
significant changes in customer-

) i . Deeper Integrations
bank engagement models. Wave 2: 2028 - 2033 i »  Personalized Interactions
. Expanded Use cases

“Safe” employee-facing use cases
dominate. Partners — both CSPs and
point solution providers — play a vital
role in PoCs, pilots, and production.

..............................................................................................................

Al Agents as human proxies
Mature customer facing
GenAl applications

Wave 3: 2034+

3 2 1 2 3

2034+ 2028-2033 2024-2027 2028-2033 2034+

Source: Celent: Generative Al Making Waves
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https://pages.awscloud.com/rs/112-TZM-766/images/AWS_Gen_AI_Making_Waves_Report.pdf

Al maturity scale — from rules to reasoning

Follow Assist Collaborate Pioneer

Low agency High agency
More human _‘—‘—_‘—‘—ﬁ Less human
oversight oversight

Rule-based RPA Generative Al Goal-driven Al agents Fully autonomous

Follow a set of assistants Operate toward a higher- ~ agentic systems

rules Achieve a specific, level objective, not just a Independently set and

predefined goal task execute goals
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Agentic Al will help realize the true promise of LLMs

Gen Al Agentic Al

Primary purpose: Content generation Primary purpose: Goal achievement

Dependency: Prompts and input data Dependency: Access to tools, data and agents

Agency level: None (requires more human prompting) Agency level: Higher (less to no human oversight)

Ability to execute workflows: Ability to execute workflows: Medium / high
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Key areas of driving business value with agentic Al

Improve
Workplace
Productivity

)

wsoO2cen

A— NORTH AMERICA

Accelerate
Software
Development
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Automate Business
Workflows with
Custom Agents
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Transform your
business with
Agentic OS
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Building custom agents to reimagine workflows

Memory

f

Tools

Goals
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LLM

Data

>

Observation &
Guardrails

Actions

| </>

|

User Interaction
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Finance and risk organizations are facing challenges

Siloed systems Limited scalability
Separate and proprietary Regulations stipulate
systems lead to fragmented increased on-demand
data and limited integration modeling and scenario

planning for compliance and
risk assessments
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Constantly changing
regulatory environment

Increased scrutiny on risk,
compliance, and transparency
with shorter timelines to
comply with new regulations

Manual controls

Processes are largely
manual, requiring significant
human intervention for
monitoring, reporting, and
auditing.

Slow product
iInnovation
Aggregating and validating
financials for new products and

the associated risk delays
release of new products
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Al-Powered Compliance Monitoring & Automation Platform
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When agents act, who is accountable?

Regulators require firms to name a responsible human for Al-driven outcomes.

REGULATORY DIRECTION

GenAl reclassified as
"supervised technology." Al governance is explicit enforcement
priority. Firms must modify supervisory procedures.

Al-driven workflows that perform
steps a registered person would supervise = supervisory failure.

Voted to recommend Al disclosure framework for investment
advisers.

Model Al Governance
Framework for Agentic Al — addresses delegation chains and multi-
agent coordination.

If Al materially influences an outcome, it must be governable to the

WSO’%M as a human decision-maker.
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EVERY AGENT MAPS TO A HUMAN

FAILURE MODE ACCOUNTABLE HUMAN

Agent produces incorrect decision

Policy boundary fails to prevent loss

Agent drifts or degrades over time

Interaction between agents causes
harm

Agent omits action within its scope

Monitoring fails to catch the above

Loss - Causal Agent (via pipeline) -
Responsible Human (via ownership map)

"The system failed" is not an answer. Every allocation
terminates at a named person.

dWS



Part of Al observabillity is agent accountability

Five sequential steps to determine responsibility for errors in multi-agent systems

1 MAP 2 RECORD 3 NARROW 4 REPLAY 5 ALLOCATE

Build directed graph Instrument every edge Trace back from loss Substitute one output Marginal contribution
Nodes = agents Immutable payloads 50 agents - 3-5 Replay downstream Blame sums to 100%
Edges = handoffs Timestamped Graph screening Does loss vanish? Map to human

Question Answered Without It
How are agents connected? You investigate all agents equally — no leads
What exactly happened at each handoff? Reconstructing from memory
Which agents could have caused this? You replay 50 agents instead of 5
4 Replay Which agent's error actually caused the loss? Blame based on proximity, not causation
5 Allocate How much blame does each agent deserve? One agent gets 100% when three contributed

Steps 0—@ exist in AgentCore today. Steps e—e are the accountability gap.
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Why Agentic Al Solution?

Autonomous Decision- Natural Language Tool Use and External
Making with Context Understanding Integration

Multi-Step Reasoning Continuous Learning
Chains from Human Feedback
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The Blueprint

Master the Fundamentals: Optimize your core
processes, vendor procurement, and developer workflows
before scaling.

Strategy Over Hype: Invest in building applications
transform your businesses over highly-engineered
platforms

Iterate Constantly: Technology moves too fast to "time" it
—start building and learning now

The Three Anchors: Prioritize top-tier Talent, rigorous
Guardrails, and unshakable Foundations.
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Start now!
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Learn, repeat
& accelerate

AN

Business value ‘[‘r'_o—:]

Deployment, scale ) D
& maintenance v— @)

Development,

[ef
optimization & evaluation

Decision point e--------------- \

Proof of value

=4

Use case discovery,
prioritization, selection

I

Al ADOPTION

Governance

N &S

115

Finalize business case /

|
N

sSuccess criteria
Models, agentic Al

H H M framework and data
- foundation

@ Security, compliance &

legal considerations

Responsible Al
considerations
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Thank you!

Nuwan Bandara, Head of Technology — Fintech, AWS | nuwan@amazon.com
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